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FIGURE 1.16 Fully connected
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FIGURE 1.18 Recurrent network with hidden neurons.
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The Organization of Behavior (1949, p.62):

Hebb When an axon of cell A is near enough to excite a cell B and repeatedly or persistently
takes part in firing it, some growth process or metabolic changes take place in one or both
cells such that A’s efficiency as one of the cells firing B, is increased.
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< 0 if neuron k loses the competition

® o Q
- - @ B “3 E
® 3 B 0

@
OnwoBobpoptkn Stadoon tou odaApartoc - Error backpropagation

Neuron j Neuron &
A
-

Yo=+1 +1

w/o(”) = b,'(") 4,00
(.

v(n) o)  yin) e u(n) ¢() w(m) -1
o
‘\v‘ O ex(n)

98(n) 9€(n)

Auwylm) = = dw;i(n) 3j(n) = ﬁavj(n)



s =y MOVRLEL N WE RR\AN

8;(n) = E 8i(n)wy;(n),  neuronjis hidden
| P

3;(n) = ej(n)\_a &)

= ald;(n) — o;(n)]o;(n)[1 — 0;(n)],  neuron j is an output node

@Wﬂ ~>@—> Eg

W AT IPXY

z (wWKo- T A=
INPUT % Feature maps
28 X 28 4@24 X 24

eature maps | Feature maps Feature maps OUTPUT
4@12 X 12 = 12@8 X 8 12@4 X 4 26@1 X1

Radial-Basis Function
NetWO rkS fdix — el ((‘.’1’ X

/ , ox) = G(Ix — t), =12 ...m
> '

M

F*(x) = i w; G(x,t;)

= 3 wG(lx - t)
i=1 - o

Frx) = ,I



i
m; ,y Z
Z w,-G(Hﬁ— t]@

J 17‘- l—v“f"

o= 5

-/
=







